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Suspicious Transaction Recognition Based on Deep Convolutional Networks
CHEN Jing DING Qilu
(Fuzhou Central Sub-branch of People's Bank of China)
Abstract The identification of suspicious transactions is an important part of anti-money laundering work.
The use of algorithms as tools to analyze and identify suspicious transactions has become a new trend. The use of
deep convolutional neural networks could effectively extract classification features in data automatically. It has
shown a good recognition effect in many classification tasks and has been widely used in various fields of research.
The research steps of this article were as follows: Firstly, based on deep learning theory, this paper selected a
one-dimensional convolutional neural network, and designed a model framework of seven layers for suspicious
transaction identification and analysis. Secondly, the Elliptic data set was divided into a training set and test set at a
ratio of 7:3. The model was trained and tested with the divided data. The GCN model, Skip-GCN model, EvolveGCN
model and other deep neural network models were used as control groups to verify the effectiveness of the model
proposed in this paper. Finally, the robustness of the model to the data input was discussed by randomly scrambling
the order of each element in the input data. The research results were as follows: The one-dimensional convolutional
neural network had good applicability for suspicious transaction recognition. The overall classification accuracy
of the Elliptic data set could reach 98%, and the F, value could reach 80%, which had a good classification effect.
Comparing the recognition effects of the GCN, Skip-GCN, EvolveGCN and other models on the Elliptic data set, the
model proposed in this study had generally good recognition accuracy. The overall accuracy and F, value reached a
high level.
Keywords Anti-Money Laundering, Identification Of Suspicious Transactions, Algorithm Model, Deep
Convolutional Neural Network
JEL Classification C45 C69 G29
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